High Frequency Trading survey

Tae-Won Lee,
leetee95@gmail.com
2021. 08. 24.

CAU AutoML LAB



Introduction

* High Frequency Trading(HFT)

- HFT(RYIE E2{0[2)s S45 HEL H|Z 08310 2,2 Thojo| Hah2

oS L= Eafo|T WA

1

2| 8% 0|=(0.1%) &4 Blsh == SH H2hM(0.25%)=Z 25l HFT7 =7t
P 7t= 0{A 4
-20233 33 HelMl 7HH(0.25% -> 0.15%) 22 HFT7} 7Sl

o

rol

L
o

!
!
0
all
2
a

CAU AutoML LAB 2



Introduction

* High Frequency Trading(HFT)

- TradingW[M eF= 71 0|52 s A7 2 + Us

CAU AutoML LAB 3



Introduction

e |Ssue

- HFTOAM 220 0|52 S2d= Tote =22 BUAIY, 23d= =0/7] ?let

= A9 Ol

CAU AutoML LAB 4



Related works
* High frequency tradmg with deep learning

sta| H ==z 9 @2rEE oE s UE
ACM Transactions 2.312 A Double—-Layer Neural Network 2017 38 1) Dnn 2 High-Frequency data0|
on  Management Framework for High—Frequency HEe
i Forecastin
ISnformatlon g 2) High frequency dataOlld &=S2t
ystems O MBIHZS BtAH EXN =AZ2 =5}
=0 Cg =4 HIOIE1 o=
3) FIHW=sH =30 &= Jl=& X
HO02
Journal of 1.57 An ensemble of LSTM neural networks for 2018 64 NIJl=d NESSAMES Istm
Forecasting high—frequency stock market classification ensemble model 0| Z30tH EF
Quantative 1.491 Encoding of high—frequency order 2019 25 1) SIS 828 0lZ3dkJ| 2ol
finance information and prediction of short—term CNN=2 0| Z0t( feature E 445N
stock price by deep Learning neural network input@ 2 0| &
2) OIS :I12 &s5/0es 288
Journal of Sequence classification of the limit order 2018 63 1) SJIEUO0IEHE 0I2dl sequence
Computational 2.644 book using recurrent neural networks o SEHE EF
Science
Mathematical 1.009 Stock Market Prediction on High-Frequency 2018 98 1) Generative Adversarial Nets& Of
Problems in Data Using 2510 12£9| Z7 o=
Engineering Generative Adversarial Nets

CAU AutoML LAB 5



Related works
* High frequency trading with deep learning

Stgl & == & gt oE s WHE
journal of risk and 0.44 Trend Prediction Classification for High 2019 31 1) & =l I0OIE 2 Jt&tstH el &5
financial management Frequency Bitcoin Time Series with Deep It otets 2xole 24

Learning
journal of risk and 044 Deep LSTM with Reinforcement Learning 2019 21 1) Lstmit 23tstES 018 hft Al
financial management Layer for Financial Trend Prediction in FX AEI D=

High Frequency Trading Systems
gh Frequency 9>y 2) B2H0IE(NE 018

. 1 EIO[ES 0|8 A% o2 25
. J|&X NESS 0|83 0|52 By

CAU AutoML LAB 6



Related works
e SIIE HIOIH O|=

— Al

2 A2 201 IOl O0I2Jt=s
- 01 SOL OO0IH= & A2t HIOIES &0 2R

2SIt OIOIE ==& UlAl: =22 apiE ot 2019Y¢ 32 202 FH 20194 53 7€M 2 A%
(KOSDAQ) AIJIE M &2 508 =2 AAIZt St &2 388 =8

1. 2HE 2 HIOIFA i SAO 2et&0I 122 HIOIHZ e = 2Ji18 = UIO0IE wAl
28 2. 2 UHO0IHE =&otAl ) 1= UOIeH=z &t

AZH OIOIE AFE =

- EE1|O|‘:' &0 Ot 222 d=s8It2= o= £A12F UI0IEJF 2R0otAl &= A2= W 4.

CAU AutoML LAB 7



Related works
« High frequency trading= % Jt

ol
il
0
]

1
9!
2
gl
1
10
0
o
0x
x
rz
D
©

1) Classification : C}S time stepl| &=, ol S5 2
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ex) We can see Buy and Hold achieves the best profit rate followed by LSTM-Individual,
Random and Optimistic. That is because LSTM-Individual, Random and Optimistic are high—
frequency trading strategies with naturally low profit rate, based on short—term trend while Buy and

Hold strategy only trades once. [1]
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